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Node selection based on label quantity information
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Abstract: Aiming at the problem that the difference of node data distribution has adverse effect on the performance of
federated learning algorithm, a node selection algorithm based on label quantity information was proposed. An opti-
mization objective based on the label quantity information of nodes was designed, considering the optimization prob-
lem of selecting the nodes with balanced label distribution under a certain time consumption limit. According to the
correlation between the aggregated label distribution of selected nodes and the convergence of the global model, the
upper bound of the weight divergence of the global model was reduced to improve the convergence stability of the al-
gorithm. Simulation results shows that the new algorithm had higher convergence efficiency than the existing node
selection algorithm.
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